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Geographic Variaton 1 n
Federally Facilitated
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Victoria Freeman, RN, DrPH; Randy K. Randolph, MRP
BACKGROUND
One of the central and most visible components of th
as the Federally Facilitated Marketplace when admini
met hod to -emowp |heéal tnftoni nsurance coverage. 't is the
can get-amrde-mibesmi ng subsi di e
research has suggested that
KEY FI NDI NGS are more likely to be eligi
1 We combined recently released data on plan credit ss haanrdi ncgo'sstwitbrsé ald ke sa n d
selection in the Federally Facilitated Marketplaces enrollment in rurdFomreas r
with estimates of the population likely to qualify example, identifying potent
for the marketplace (i.e. “eligibles”) to calculate may be easier due to higher
the percent of potential eligible individuals who monitor enroll ment and i nfc
chose a plan (the “uptake rate”). We found Nati onal Advisory Committ ece
considerable variation in uptake rates: the areas Human Services recommended
of the country that had selection in the top evaluate the geographic eff
quarter had rates approximately two times as high and use that information t c
as those in the lowest quarter (26.7% vs 13.9% of education, and?enrol |l ment €
those eligible choose a plan).
On September 18, 2014, t he
1 Rural_areasappea.rtohavglower_ratesofplan Planning and Evaluation (AS
seIecItl'lon, sugf;f;estlr)gt:at|mprovmg.o‘utreach;nd Depart ment o f Health and Hu
enroliment efforts in these communities may be rel eased data showing that
particularly warranted. For example, uptake in . di g | had I ted
' ND Rundl Urban Commuting Areas (RUCAs), ndivi ual s a setecte arfr
which averaged 23.2%, was more than uptake in state S Wh'er € the Federally
[ F NB S ana{dani £ f RUGAZMEI3% and oper Atlitngi.s important to no
15.8%, respectively). plan sedéertenonnipltméntch requ
individual to pay their pre
1 The suppression of small data cells makes it data are not available in t
challenging to draw conclusions about patterns in simplicity, in thpilanbriedfecy
many rural areas. Although the suppression rules asnrol]l ekelse data -pevel des Zil
used for small numbers are understandable, of uptake between October 1
creative solutions allowing public release of data Data for ZIP codes with 50
in these areas (e.g., aggregated county-level data) suppressed. This suppressi
would provide greater insight into plan uptake tot al enrollees (17,674 ZIF
rates across the entire United States. individuals of the 5.45 mil
the plan séileetjonhdaflimu mer
i mportant to understanding
the percent of eligible individuals that chose a pl a
who actual Idyamomags & hee plnamsur-gdoap dmueahnk shee | ipn stthaet enso ma |
target | imited outreach and enroll ment resources to
enroll ment period.



I n this brief-arwe wmebdsutaseobmbhé percent of potenti
the numerator data available from ASPE -Ilwivtehl eesltiigmabtlee
(denominator) to calculate the uptake rate. Briefly
number of U.S. <citizens (including naturad¢iaep)cowvnem
only, age 64 years or |l ess, with incomes above 100%
Medi cai d) Children with incomes below the state Ch
excluded. (See Methods section below for more det ai
RESULTS
Figure 1 presents a heat map based on the distributi
rates of wuptake among potentially eligible individua
the country; for exampl e, Mai ne, New Hampshire, New
northern | owa, the Western Afrontiero around the 100
Kansas, North Dakota, South Dakota), Arkansas, and W
uptake across both rural and urban areas (North Caro
have a mix of high and | ow uptake across rural areas
Generally though, rural areas od&prtihmarcioluyntaoyols ecear d ros
spots that represent urban areas. Kansas City, St Lo
against the | ower rates of the surrounding rural are

Figure 1: Regional Variaton in Locally Weighted PI

&
£
(
\1 .....

P Highest Uptake Rates

. Lowest Uptake Rates

-

States shaded in grey have & (i [hébIS insurance marketplaces. Grey areas in Federally Funded Marketplace States are sparsely

populated, and a reliable rate could not be calculated. See text for data sources and notes.



When areas are classified by RBubamne dJy blaanv eC otntmau t hH inggh eAs
of estimated eligibllarcdioRBEeAmSambdhRECAEhhavat oakby, 9
9. 3% uptake rates, srodaapecard i veve . uptAd K eh otighhRBC Aae,arr e/a re
50% of the population and estimated eligibles residi
whi ch data are suppressed.

Tabl e 1: Uptake Rates by Rural Urban Cc
RUCA Typ % el igibles s% tzteTleifzgyapgfilnato
Urban 23.2% 3.7%
Large Rural 15.3% 2.5%
Small Rural 15.8% 2.8%
Isolated 23.1% 4.0%
Tot al 22. 4% 3. 6%

LI MI TATI ONS

The primary | imitation is the estimation of the numb
number of eligibles could be | arge, especially in sm
occur . For example, the visible | ower uptake rates f
could be due to a systematic overestimation of the e
suppressed if the number of enrollees is 50 or | ess;
the plan selections). Rural areas were more |ikely

omitted (so the denominators did not contribute to t
Denominators were estimated at the ZCTA |l evel, but wu
vary considerabl vy, although for | ocal measures the d
the matching numerator was suppressed. However, if

of ZCTAs and ZI P codes, interpretation could be wron
pl an s &lad diteiro nshpaani dp,r eceomufonlylmieedrets e r at es may di ffer, |

POLI CY | MPLI CATI ONS

The wide variation in uptake rates suggests variatio
of outreach and enroll ment. Understanding the diffe
plan selection in areas with | ower uptake.

The analysis suggests that rural areas tended to hav
determine the factors affecting uptake; for exampl e,
Federally Qualifie Heal th Centers (FQHCs) ] have hig
rates would allow policy makers and programs to modi
ASPEG6s release of these data is beneficial for resea
enroll ment in the Federally Facilitated Markets (FFM
uptake across the country, and these will al most sur
potenti al eligibles. There are considerable Iimitat



short run.
Larger agg
areas.

METHODS

Suppression of uptake in
regations in such areas (e.g.,
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ted the denomi n“stionmi () uLi ndea mehrhoa stsemp
The approach is summari zed briefl
deling indFvidtal wprobeldithei 912 Public
nity Survey (ACS) to model factors as
pl ace. An individual wa$64idantnsueddasrhb
itizen of the United States. Chi
reCéel Bssi t
cluding t m
ata avail w
ose 138%

ed as ineligible. Note that
se uninsured with access to e
le in the ACS. We developed t
G or above.
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nempl oyed (for adults), whether the indiuvi
ata Area (PUMA). Sampling weights were us
The parameter estimates for each regres

vel oping Wmahlt AeeanBsvi theaéspar ameter- est
on corresponding characteristics from the
ze he proportion of the ZCTA at worked

county, and BO5003 was us to charac
parameter estimates from S p 1 to dev
This probabi-¢li degr !l ymul i phe Chih, ther ne
denominator . Using the MABLE dat dwengine
crosswal ks fr om-sZpCeTcA ftioc PeUsMA nsaot etsh acto utlhde bZe
nning multiple PUMAs were all ocated propor
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n the ZCTAs -swesc ilfOi0Oc beustt i
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this respect. The fina
dia¢ &isd amadn above 138% FP
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the number of eligi
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Cal cul ation of Local Rat es

Because ZCTAs can be small, and thus impose consider

rat es. Briefly, we calcul ated weighted sums of enro

identified all ZCTAs with centroids within 50 miles

the ZCTA to thex®9(ildmenadesanZCiTAn30 miles away rece

with centroid e®Puearlc etnot itlhees g¢froird tphoei nutp.t ake rates were

of weighted geographic averages, data for Al aska are
Not e: On October 1, 2014, a corrected versian of t
version of this brief did not accurately account f
error | owered the estimated number of eligihbles an
change the substantive conclusions.
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